The data presented in this paper are used to examine the uncertainty in macroeconomic variables and their impact on the Gini coefficient. Annual data for the period 2017 -1996 are taken from the Bank of Iran website https://www.cbi.ir. We used fuzzy regression with symmetric coefficients to calculate upper and lower bound data of Gini coefficient. Estimated data at this stage can be a very useful guide for policymakers, on the other hand, it is a benchmark for evaluating the effectiveness of government policies. The reason for using fuzzy regression to estimate data on Gini coefficients is the extra flexibility of this model.
Data description
The Gini coefficient is one of the most important indicators introduced by Corrado Gini to measure inequality, which is always nonnegative and has values between zero and one [1, 2] . A combination of Specifications Table   Subject Economics and Fuzzy Logic Specific subject area These data are related to the uncertainties in macroeconomic policies that affect the Gini coefficient. Type of data Table; Graph; Figure How data were acquired Data on economic variables were obtained from the Central Bank of Iran and then, using Gaussian software and fuzzy regression, the Gini coefficients of upper and lower and middle bounds were calculated. Data format Raw Parameters for data collection Data on variables of economic instability in Iran Description of data collection Data on the independent variable including five variables inflation, exchange rate, bank interest rate, GDP and stock price index and related variable data (Gini coefficient) were collected from the Central Bank of Iran website. Data source location IRAN Data accessibility https://data.mendeley.com/datasets/nr8cptwgf8/draft?a¼40f49de2-34d5-4bb1-bc98-5c59c5f02163
Value of the Data This data is a very useful guide for policymakers and governments as it provides a measure of the effectiveness or inefficiency of their policies. This data is used by the Planning and Budgeting Organization, the Tax and Holding Authority, the Central Bank and other subsidiary organizations.
Using fuzzy logic and fuzzy regression to predict, we can analyze the future income distribution trend. The efficiency of government policies is determined by comparing the upper, middle and lower Gini coefficient data with the current Gini coefficient data. macroeconomic variables including GDP, bank interest rates, inflation rate, exchange rate and stock price index, an index called economic policy uncertainty (EPU) is introduced [1] . For estimate the upper and lower bound data, the Gini coefficient of EPU index data from 1991 to 2018 is taken from the Bank of Iran website https://www.cbi.ir. Also, all data is available in the Mendeley (https://data.mendeley. com/datasets/nr8cptwgf8/draft?a¼40f49de2-34d5-4bb1-bc98-5c59c5f02163). As can be seen in Fig.  1 , inflation has been rising over time. Although it has been slow in some years, the trend of inflation is generally rising. Fig. 2 shows the trend of the real exchange rate fluctuation in different years.
Figs. 3 and 4, respectively, show that GDP and stock price index have fluctuated over time, although they have fluctuated in some years. Fig. 5 also shows the fluctuating movement of bank interest rates. Fig. 6 shows the trend of the Gini coefficient of movement in different years. The fluctuations of this variable over time indicate that the instability of economic variables that will have a major impact on the Gini coefficient, depending on government policies.
Experimental design, materials, and method
In this section, the theoretical foundations of the regression model with symmetric and asymmetric fuzzy coefficients are briefly stated [3e5] , where the general form of the regression model with fuzzy coefficients is as in Eq. (1) in order to compare the results of logistic smooth transition autoregressive model to the linear regression model with symmetric and asymmetric fuzzy coefficients.
here e Y is the dependent variable or fuzzy output, x ¼ ðx 1 ; x 2 ; …x n Þ is the vector of independent variables or input vector, A ¼ fÃ 0 ;Ã 1 ; …:Ã n g is a set of fuzzy numbers, and ðy 1 ; x 1 Þ; ðy 2 ; x 2 Þ…::; ðy m ; x m Þ are the a set of regular data. The fuzzy parameters e A 0 ;Ã 1 ; …:Ã n are meant to be determined in a way to have the best fitting on the above data in accordance with Eq. (1) based on some of the goodness-of-fit criteria. So, the general form of the membership function. e A can be written as Eq. (2) with respect to three parameters as the center a, low width s L and right width s R [3] :
This membership function can also be displayed in another way. That is, the high width is expressed based on a low width. Thus, k s L ¼ s R is placed in the above membership function, in which k is a real and positive number known as the kurtosis coefficients [3] . Therefore, the asymmetric triangular fuzzy numberÃ can also be described byÃ ¼ ða; s L ; kÞ T . In this case, the membership functionÃ is represented by Eq. (3)
Model with symmetric coefficients
If e A i s are fuzzy symmetric numbers i ¼ 0; 1; 2;…;n, and x i s are the real and positive numbers, then, according to Eq. (1), the fuzzy output e Y will be a symmetric triangular fuzzy number 
, in which f c ðx Þ is the center and f s ðx Þ is the width ofỸ, which are obtained by Eq. (4) and Eq. (5) as below [5] .
In other words, the fuzzy outputỸ membership function is:
e YðyÞ ¼ 
Estimating the parameters of fuzzy regression model
For estimate the parameters of the fuzzy regression model Eq. (2), We consider two criterias. First, the membership value of each y i in e Y i should be a large number. In this case, it is ensured that the fuzzy model has a good fitting to the observations [3] . Thus, we are looking for a model that: 1) fuzzy output, Y for all valuesỸ j , has a membership degree as large as h, that is: 
2) The fuzzy coefficientsÃ i , are such that ambiguity of the fuzzy outputỸ j is minimized. In the case where e A i s are symmetric, the total fuzzy output width e Y for all data is called the objective function. The Objective function for the case where e A i s are asymmetric is represented by Eq. (6).
In Eq. (8), x ji means the jth observation of the ith variable. In the case where e A i s are asymmetric, objective function [3] is represented by Eq. (9) [3] .
The objective function Z, by substituting k i s L i ¼ s R i , can be written based on kurtosis coefficients as follows. 
FLR Model with symmetric coefficients
If e A i in Eq. (2) are considered as symmetric with regard to Eq. (7) and Eq. (9) then the constraints Eq. (11) and Eq. (12) are obtained [3] as follows 
After describing the method of calculating the upper and lower bound data Gini coefficient, we have programmed the data of variables related to the EPU attribute using fuzzy regression using GAMS software and calculated the optimal probabilities for the relevant variables. Next, we calculate the upper and lower bound data of the Gini coefficient for the membership degree of 0.1e09. The data are presented in Tables 1e5. Figs. 7e15.
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